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breed predictions

Angus Al bulls | Train 2 & 3 Train 1&3 Train 2 &3
Predict 1 Predict 2 Predict 3 Overall
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BFat 0.71 0.64 0.73 0.69
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Train in Multibreed | Train in Purebreed
Validate Validate in
Purebreed Multibreed

Just QTL 0.95 0.96
QTL + Best markers 0.93 0.94
QTL + 50k 0.77 0.84
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Just QTL 0.95 0.96
QTL + Best markers 0.93 0.94
QTL + 50k 0.77 0.84
Just Best markers 0.57 0.49
50k w/o QTL (real life) 0.39 0.42
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600 markers

Angus Al bulls 50k panel 600 markers
Overall Overall
Trait

BFat 0.69 0.63
CED 0.59 0.61
CEM 0.53 0.55
Marb 0.70 0.67
REA 0.62 0.56
SC 0.55 0.51
0.52 0.49
0.56 0.55

Validation in 698 steers with carcass phenotypes
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Trait
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3-way 275

BFat 0.69 0.63 0.32
Marb 0.70 0.67 0.59
REA 0.62 0.56 0.58
YWT 0.56 0.55 0.35
CCWT 0.44
HP 0.39

do, lowa State University
, NBCEC-funded post-doc
niversity of Missouri




